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This paper is concerned with a delay Lotka-Volterra model under regime switching diffusion in random environment. By using
generalized Itd formula, Gronwall inequality and Young’s inequality, some sufficient conditions for existence of global positive
solutions and stochastically ultimate boundedness are obtained, respectively. Finally, an example is given to illustrate the main

results.

1. Introduction

The delay differential equation

dx (t) _

s () (a —bx (t) + cx (t — 7)) 1

has been used to model the population growth of certain
species and is known as the delay Lotka-Volterra model or the
delay logistic equation. The delay Lotka-Volterra model for n
interacting species is described by the n-dimensional delay
differential equation

da;it) = diag (x, (£),...,x, (t)) (b + Ax (t) + Bx (t - 7)),
2

where x = (xp,...,x,)" € R',b = (b,....b)" € R,
A = (aij)nxn € Ran, and B = (bij)nxn € R™" There is an

extensive literature concerned with the dynamics of this delay
model and have had lots of nice results. We here only mention
Ahmad and Rao [1], Bereketoglu and Gy6ri [2], Freedman
and Ruan [3], and in particular, the books by Gopalsamy [4],
Kolmanovskii and Myshkis [5], and Kuang [6], among many
others.

In the equations above, the state x(¢) denotes the popula-
tion sizes of the species. Naturally, we focus on the positive
solutions and also require the solutions not to explode at
a finite time. To guarantee the positive solutions without

explosion (i.e., the global positive solutions), some conditions
are in general needed to impose on the system parameters.
For example, it is generally assumed thata > 0, b > 0, and
¢ < b for (1) while much more complicated conditions are
required on matrices A and B for (2) [7] (and the references
cited therein).

On the other hand, population systems are often sub-
ject to environmental noise, and the system will change
significantly, which may change the dynamics of solutions
significantly [8, 9]. It is therefore necessary to reveal how
the noise affects the dynamics of solutions for the delay
population systems. In fact, many authors have discussed
population systems subject to white noise [7-18]. Recall that
the parameter b, in (2) represents the intrinsic growth rate
of species i. In practice we usually estimate it by an average
value plus an error term. According to the well-known central
limit theorem, the error term follows a normal distribution.
In term of mathematics, we can therefore replace the rate b; by
b;+0;w(t), where w(t) is a white noise (i.e., w(t) is a Brownian
motion) and o; > 0 represents the intensity of noise. As a
result, (2) becomes a stochastic differential equation (SDE, in
short)

dx (t) = diag(x; (£),...,x, (1))
3
x [(b+ Ax (t) + Bx (t — 1)) dt + odw (¢)], ©

where o = (0y,..., an)T. We refer to [7] for more details.



To our knowledge, much of the attention paid to envi-
ronmental noise is focused on white noise. But another type
of environmental noise, namely, color noise, say telegraph
noise, has been studied by many authors ([19-25] and the
references cited therein). In this context, telegraph noise can
be described as a random switching between two or more
environmental regimes, which differ in terms of factors such
as nutrition or rain falls [23, 24]. Usually, the switching
between different environments is memoryless and the wait-
ing time for the next switch has an exponential distribution.
This indicates that we may model the random environments
and other random factors in the system by a continuous-
time Markov chain r(t), t > 0 with a finite state space
S = {L,2,...,N}. Therefore stochastic delay population
system (3) in random environments can be described by the
following stochastic model with regime switching:

dx (t) = diag(x; (t),...,x, (1))
x[br@)+AF@)x@)+Br@)x(t—1))dt

+o(r(t)dw(t)].
(4)

The mechanism of ecosystem described by (4) can be
explained as follows. Assume that initially, the Markov chain
r(0) = 1 € S. Then the ecosystem (4) obeys the SDE

dx (t)

= diag (x; (t),...,x,(t))

x[bW)+AWx{@)+BW)x({t—-1))dt +0()dw(t)],
(5)

until the Markov chain r(¢) jumps to another state, say, ¢.
Therefore, the ecosystem (4) satisfies the SDE

dx (t)

= diag (x; (£),...,x,(t))

x[(b(e) + A(¢)x (£) + B(¢) x (t — 1)) dt + 0 (¢) dw ()],
(6)

for a random amount of time until the Markov chain r(t)
jumps to a new state again.

It should be pointed out that the stochastic popula-
tion systems under regime switching have received much
attention lately. For instance, the stochastic permanence and
extinction of a logistic model under regime switching were
considered in [20, 24], asymptotic results of a competitive
Lotka-Volterra model in random environment are obtain in
[25], a new single-species model disturbed by both white
noise and colored noise in a polluted environment was
developed and analyzed in [26], and a general stochastic
logistic system under regime switching was proposed and was
treated in [27].

Equation (4) describes the dynamics of populations. This
paper is concerned with the positive global solutions, ultimate
boundedness and extinction. The stochastic permanence and
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asymptotic estimations of solutions will be investigated in the
next note [28].

This paper is organized as follows. In the next section,
some sufficient conditions for global positive solutions for
any initial positive value are given by using generalized It6
formula, Gronwall inequality, and V-function techniques.
In Section 3, the stochastically ultimate boundedness of
solutions is obtained by virtue of Young’s inequality. Section 4
is devoted to the extinction of solutions. Finally, an example
and its numerical simulation are given to illustrate our main
results.

2. Global Positive Solution

Throughout this paper, unless otherwise specified, let (Q), &,
{F}1=0, P) be a complete probability space with a filtration
{F )50 satistying the usual conditions (i.e., it is right contin-
uous and &, contains all P-null sets). Let w(t), t > 0, be a
scalar standard Brownian motion defined on this probability
space. We also denote by R the positive cone in R", that is
R ={x e R": x; > 0forall 1 <i < n}, and denote by

R’ the nonnegative cone in R”, thatis R, = {x € R" : x; >
0 for all 1 < i < n}. If A is a vector or matrix, its transpose
is denoted by A”. If A is a matrix, its trace norm is denoted

by |A| = +trace(AT A), and its operator norm is denoted by
| A ll=sup{|Ax]|: |x| = 1}. Moreover, let T > 0 and denote by
C([-7,0]; R?}) the family of continuous functions from [, 0]
to R,

In this paper we will use a lot of quadratic functions
of the form x" Ax for the state x € R only. Therefore,
for a symmetric n X n matrix A, we naturally introduce the
following definition

A (A) =

max

sup x" Ax. @)

XER,|x|=1

For more properties of A} __(A), refer to the appendix in [7].

Let r(t) be a right-continuous Markov chain on the
probability space, taking values in a finite state space § =
{1,2,..., N}, with the generator I = (y,,) given by

WO +0(6), if u#wv,
P{T(H‘S):V'r(t):”}zﬁw 6(+3)(6) if u=v
(8)

where § > 0, y,, is the transition rate fromu to v,and y,, > 0
ifu#v,whiley,, = - ., v, We assume that the Markov
chain r(-) is independent of the Brownian motion w(-). It is
well known that almost every sample path of #(-) is a right-
continuous step function with a finite number of jumps in any
finite subinterval of R,. As a standing hypothesis we assume
in this paper that the Markov chain r(¢) is irreducible. This is
a very reasonable assumption as it means that the system can
switch from any regime to any other regime. This is equivalent
to the condition that for any u,v € §, one can find finite
numbers iy, ,,...,7 € Ssuch thaty,; y;; ¥, > 0. Under
this condition, the Markov chain has a unique stationary
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(probability) distribution 7 = (714, 715, ..., 7Ty) € RYN which

can be determined by solving the following linear equation:
nal =0 9)

subject to
m; >0, Vies. (10)

We refer to [12, 29] for the fundamental theory of stochastic
differential equations.

For convenience and simplicity in the following discus-
sion, for any constant sequence f;(k), (1 <i<mn,k € §)let

f - 1<IiI<13§<(€Sﬁ (k) f (k) = {Ei)flft (k),
. o (1)
f= min fik,  f(k)=minfi(k).

As x(t) in system (4) denotes populations size at time , it
should be nonnegative. Thus for further study, we must give
some condition under which (4) has a unique global positive
solution.

Theorem 1. Assume that there are positive numbers ¢, . ..,c,
and 0 such that

max {/\+

keS max

1— _
[5C(a®) +a"w)T
X (12)
o
+-5CB(R) B (0T + 01

<o

where C = diag(cy,...,c,). Then for any given initial data
{x(t) : -1 <t <0} € C([-7,0]; R?}), there is a unique solution
x(t) to (4) ont > —7 and the solution will remain in R’ with
probability 1, namely, x(t) € R} forallt > -7 a.s.

Proof. Since the coefficients of the equation are locally
Lipschitz continuous, for any given initial data {x(t) : -7 <
t < 0} € C([-7,0];R?}), there is a unique maximal local
solution x(t) ont € [-7,1,), where 7, is the explosion time. To
show that the solution is global, we need to show that 7, = co
a.s.

Let k, > 0 be sufficiently lager such that

1 .
— < < < .
k= min |x (1)] < 52325|x(t)|—-k0 (13)

For each integer k > k, define the stopping time

7, = inf {t €[0,7,):x;(t) ¢ (%,k)
(14)
for some i = 1,2,...,n},

where throughout this paper we set inf@ = co (as usual 0
denotes the empty set). Clearly, 7, is increasing as k — ©o.
Set 7, = lim; _, . 7}, where 7, < 7, a.s. If 7, = 00 a.s., then
7, = 0o a.s. and x(t) € R a.s. for all t > 0. In other words, to

complete the proof, one should show that 7, = co a.s. Define
V:R! — R, by

V(x) = ici (x; - 1-logx;). (15)
i=1

The nonnegativity of this function can be seen from u — 1 -
logu >0 on u > 0.Letk > kyand T > 0 be arbitrary. For
0 <t <1 AT, itis easy to see by the generalized It6 formula
that

EV (x (1 At)) = V (x(0))

+E JTkM LV (x(s),x(s—1),r(s))ds,
0

(16)
where LV: R} x R} xS — Ris defined by
LV (x, y,k) = x"Cb (k) + x CA (k) x + x'CB (k) y
~c" (b (k) + A(k) x + B(K) y) 17)
+ 20" (0 To k),
andc = (c},..., cn)T. Using condition (12) we compute
xCA (k) x + x'CB k) y
1 1= —
<% (CAK) +A(K)C) x
¥ %xTEB (k) B (k) Cx + 6]y
) (18)
1 = _
= —(CA(k)+A(k)C
<[5 (€At + ART)
+$63 () B" ()T -+ 1| x - 011" + 6]y
< —0lx|* + 9|y|2.
Moreover, there is a constant K; > 0 such that
nklasx (xTEb (k) + cTA (k) x + c'B (k) y - b (k)
€
(19)

+%0T (k) Co (k))

<K, (1+|x|+]y|).
Substituting these inequalities into (17) yields
LV (x, y,i) < Ky (1+|x| +|y]) - O1xI* + 6]y|>.  (20)

Noticing that u < 2(u—1-logu) +2 on u > 0, we compute

lxl < Y xi< ) [2(x — 1~ logx;) +2]
=1 id

1

2 n
<2+ =Ye¢(x;—1-logx; (21)
n+ E;C’ (x; og x;)

2
=2n+ -V (x).
¢



It follows from (20) and (21) that
LV (x, k) < Ky (14 V (x) + V() - 0lx* + 6]y[", (22)

where K, is a positive constant. Substituting this inequality
into (16) yields

EV (x (1. At))

<V (x(0)) + K,E JTkAt [T+V(x(s)+V(x(s—1))]ds
0

+E ITkM [—0x2 (s) + 0x% (s — T)] ds.
0
(23)

Compute

E jw V(x(s—1))ds
0

TN(E-T)
=E J V(x(s))ds (24)

=T

< JO V(x(s)ds+E JTkMV(x (s)) ds

0
and, similarly
T AL 0 T AL
EJ lx (s — 7)|°ds < J |x(s)*ds + EJ |x(s)[*ds.
0 -T 0
(25)

Substituting these inequalities into (23) gives

EV (x (1 At)) < K3 + 2K,E ITkM V (x(s))ds
0
< K; +2K,E Jt V(x(teAs))ds  (26)
0

t
< K, +2K, j EV (x (1, A 5)) ds,
0

where Ky = V(x(0) + KT + K, [ V(x(s)ds +

6" 1x(s)Pds.
By the Gronwall inequality, we obtain that

EV (x (1, AT)) < K™, 27)
Noting that for every w € {1, < T},
V(x(t,w)) =c[(k—1-logk) A(1/k -1 +1logk)], (28)
one has by (27) that
K;e"™ > BV (x (1, AT))
>E [l{rkST} (@) V(x(r AT, a)))]
=E [I{TkgT} (@) V (x (17 w))] (29)
>¢P {7, < T}

x [(k—1-1logk) A (1/k -1 +1logk)],
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where 1y, _7y is the indicator function of {7, < T}. Letting
k — ocogiveslim, _, . P{t, < T} = 0andhence P{r,, < T} =
0. Since T' > 0 is arbitrary, we must have P{r,, < oo} =0, so
P{r,, = oo} = 1 as required. O

Assumption 2. Assume that there exist positive numbers
> ->C, such that

max {/V

kesS max

[% (CA(k)+A" (k)E)” +max ||EB (k)" <0,
(30)
where C = diag(cy, ...,c,).

The following theorem is easy to verify in applications,
which will be used in the sections below.

Theorem 3. Under Assumption 2, for any given initial data
{x(t) : -t < t < 0} € C([-7,0]; R}), there is a unique solution
x(t) to (4) ont > — and the solution will remain in R’} with
probability 1, namely, x(t) € R’ forallt > -7 a.s.

Proof. DefineV: R} — R, byV(x) = Y7 ¢(x;—1-logx;).
The non-negativity of this function can be seen fromu — 1 -
logu >0 on u > 0, and then we have (16) and (17).

If B(k) # 0,k € S, then |CB(k)| # 0. Consequently

x"CA (k) x +x"CB(k) y
< %xT (CA(k)+ A" (k) C) x

T= T N7
+ JTes il "EB (k)"x CB(k)B" (k)Cx

. 2 (31)
+ 2 [CB®| 1y

- %xT (CA(R) + AT (k) C) x
] 10 [ e Y

Otherwise || CB(k) ||= 0 for B(k) = 0, k € S. In this case, we
also have that

x"CA (k) x +x"CB(k) y
< 15T (CAM) + AT (T x+ 3 [CBO| 1 (3
v les @] b

Thus,
x'CA (k) x + x'CB (k) y

< %xT (CAGR) +A(K)C)x+ % [eB®]ix a3)

+3 Ies @] b
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Denote 7 = maxkesIIEB(k)Il. By (33) and Assumption 2, one
has

x'CA (k) x + x'CB (k) y

1 7= _ 1 5 1 2
< %" (CAU) + AU C)x + Jrlxl” + ]y

o |

< max {/\fmx B (CA (k) + A" (k) 6)]} x* (3g

1 2 1 2
ol + byl

1 2 1 2

< =l + Salyl

The rest of the proof is similar to that of Theorem1 and
omitted. O

3. Ultimate Boundness

Theorem 3 shows that solutions of the SDE (4) will remain
in the positive cone R’. This nice property provides us
with a great opportunity to discuss how solutions vary in
R in detail. In this section, we give the definitions of
stochastically ultimate boundedness of the SDE (4) and some
sufficient conditions under which solutions of SDE (4) are
stochastically ultimate bounded.

Definition 4. The solutions of (4) are called stochastically
ultimately bounded, if for any & € (0, 1), there exists a positive
constant H = H(g), such that the solutions of (4) with any
positive initial value have the property that

lim supP {|x (¢)| > H} < e. (35)

t— +00

Assumption 5. Assume that there exist positive numbers
1>+ --»C, such that

- %X{Agm [% (CAG) + A" (k>5)]}
(36)

+max |cB ()] <o,

where C = diag(c,, ...,c,).

Theorem 6. Under Assumption 5, for any given initial data
{x(t) : -t <t < 0} € C([-7,0];R}) and any given positive
constant p, there are two positive constants K, (p) and K,(p),
such that the solution x(t) of (4) has the properties that

lifn supElx ()P <K, (p), (37)
t

lim sup% J Elx (s)|"*'ds < K, (p). (38)
t— 00 0

Proof. By Theorem 3, the solution x(¢) will remain in R’} for
all t > —7 with probability 1. If maxkesllaB(k)ll > 0, we let
n=({p+ D max;s[|CB(k)|| and y = ! log((A +21)/2n) >

0. Define V(x,t) = e’”(Zle cx;)P = e (c"x)P. 1t has by the
generalized It6 formula that

AV (x (t),t) = LV (x (t),x (t = 1), t, 7 (t)) dt

+pe"(Tx (1) 5T (1) Co (r (1) dw (1),
(39)

where LV: R} x R} x R, x§ — Ris defined by

LV (x, y,t,k)
— e {Y<ch)P + P(CT")P_I"TE (b(k) + A (k) x + B(k) y)

+%p (p-1) (ch)p_2(xT60 (k))z} :
(40)

Meanwhile, by Assumption 5 and Young’s inequality, one gets

LV (x, y,t,k)
< ¢ [YlelPIxI” + plel” 1b (o)l |xI?
. %p(p = 1)lel’lo (k) lxI?
+p(cx) AT (AR 2+ BK) )]
< {K (p) Inl? + S p(cTx) " x
x (CA(K) + A" (k) C) x"
ep()" [EB | 11151}
< e"K (p) |x|? + e plc|P!

N
X max 1A
kesS { max

[% (CA () + AT () 6)” Mles
+ e plel”™ |CB )| Ix1” [y]
<e"K (p) x|’ + eytplclp_1

x max {1, [% (Cao+ a0 T) |} 1w

keS
1 Pl
)

<& {K(p) 1l + plet” [ (Aot ) ™ )"}

e ple” [CB ()| (pi !+

<" {K (p) 1xI? - %pkldp_llxlp“ + ple?™!

1 .
- (Gren) b}

<H(p)e" + pylc|P e (—e"rlxlpJr1 + |y|P+l) ,

X

(41)
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where By Assumption 5 and Young’s inequality again,
1 LV (x, y,k
K (p) = max [ylel” + ple? 1o ()] + 5 p (p = 1) Il (], (x.3:k)

1 2
1 o < plel? b ®)| xIP + = p (p = 1) [el’lo (k)| x|
H(p) = sup (K(p) |x|P - prllclp Yx)? 1) V1. 2

X€R,

(42) + p(ch)P_leE (A(k)x+B(k))y (48)
On the other hand, < plel” R 1x1” + 5p (p = 1) el lo (P17
t
J, et =l as +plel”™ [= (e m) 1™y

It is easy to compute

t
e | & Dx(s—1)Pd Vv
¢ Le Ix (s - 7)[P*'ds 0 < EV (x(0))

. (43) t
=e" I e”|x (s)|P*ds +E J [pi;|c|f’|x )|
_T 0
0 t
<e” J |x (s)|P'ds + " J e”|x (s)|P*'ds, + %P |p = 1]1elP6°|x ()] (49)
-7 0
by (41) and (43), we obtain that - P|C|Pf1 (A+7)|x (5)|p+1
EV (x (1))] plelP Ml (s - r)|P“] ds.
t
<V (x(0)) + J H(p)e¥ds + plclP™'n Moreover,
0 t 0 t
‘ J lx (s = 7)[P'ds < J lx (s)|PHds + J lx (s)[Ptds, (50)
x J e (=" x ()P + |x (s — )P ) ds 0 - 0
0 hence, we get
H _ - 0 + t
VO~ ip) (¢ = 1) + plel” " j lx ()" ds, %/\pchHEI Jx (5)|7" s
(44) "
< EV (x(0))
which yields .
+E [ [plelbx ol
lim supEV (x (t)) < H (p) (45) 0 [

t— 00

! +%p|p—1||c|p62|x(s)|1’
Since |x(t)| < Z?zl x;(t) < V(x(t))/c, it has limsup, _,

E|x(t)[? < H(p)/cy and the desired assertion (37) follows B <& N ) lclP Y x (s)[P*!
by setting K, (p) = H(p)/cy. It is easy to verify this result, if P g e xS
max; .s|CB(k)|| = 0. We omit its proof here.

Define V(x) = (c"x)?. By the generalized Ito formula, it +pnlel? ™ x (s - T)|‘D+1] ds (51)
follows
0
AV (x () = LV (x (), x (t — 7), 7 (£)) dt < EV (x(0)) + pylef™! J_ |x (s)|P*'ds

(46)

—1 _
+p(x )" 5" OCo ) du 1), +E jt (pIlPBlx O + 3 plp 1] P31 9

0

where LV : R? x R? xS — R is defined by 1
P 91 ) ds
LV (x, y,k) = p(ch)PileE [b(k) + A (k) x + B(k) y] . .
X < EV (x(0)) + prlel?”
2, = 2
+ Ep (p-1) (ch)P (xTCG (k)) .

0
(47) X I_T Ix (s)|”*'ds + H (p) ¢,
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where H(p) = supxe&(plclpl;IxIP + (1/2)plp — 1|lc|P?
lx(s)|? = (1/2)Aplc|P~|x|P*!). This implies immediately that

2H
lim sup~ EJ lx (s)|PHds < (p_)l
t— 00 p)thlP

(52)

and the desired assertion (38) follows by setting K,(p) =
2H(p)/pAlcl?. 0

Remark 7. From (37) of Theorem 6, thereisa T > 0 such that

Elx®IP <2K,(p), Vt=T. (53)

Since E|x(t)|? is continuous, there is a K ( D> ) such that

Elx () <K, (p,x,) forte[0,T]. (54)

Let L(p, x,) = max(2K,(p), fl (p> %)), we have

Elx(®)|f <L(p,x,), Vte][0,00), (55)

which implies that the pth moment of any positive solution
of (4) is bounded.

Remark 8. Conclusion (38) of Theorem 6 shows that the
average in time of the pth (p > 1) moment of solutions of
(4) will be bounded.

Theorem 9. Solutions of (4) are stochastically ultimately
bounded under Assumption 5.

Proof. This can be easily verified by Chebyshev’s inequality
and Theorem 6. U

4. Extinction

Assumption 10. Assume that there exist positive numbers
> . -»C, such that

e max {2 [ CAK + ART)}
(56)

+¢ 'max "63 (k)" <0,
keS
where C = diag(cy, . ..,c,) and € = min,_;_,c;
Theorem 11. Under Assumption 10, for any given initial data
{x(t) : -t <t < 0} € C([-7,0];R}), the solution x(t) of (4)
has the properties that

lim sup loglx(t)l < anﬁ (k) as., (57)
t— 00 i=1
where (k) = b(k)—(1/2)5*(k). Particularly, if Zszl mPk) <

0, then
. 1
lim sup;loglx(t)| <0 a.s. (58)
t— 00

That is, the population will become extinct exponentially with
probability 1.

Proof. By Theorem 3, the solution x(¢) will remain in R’} for
all t > —7 with probability 1. Define

n
V(x) = CTx = Zcixi on x € RZ) (59)
i=1

where ¢ = (¢,...,¢,)". Then

dv (x (1)) =x" (O Cb(r )+ Alr (1) x (t)
+B(r(t)x(t-1)))dt (60)
+o (r (t)) dw (t)] .

By the generalized It6 formula,

dlogV(x 1))

AV (x () -

av
Vi ()) — = (dV (x()))°

2V2( (®))

I P
- C
VE®) ® (61)
x[br®)+AFE)xE)+Br @) x({t—-1)))dt

+o (r (1)) dw (1))

m| x"(#)Ca (r (t))| dt.

It is computed

xL()CB(r () x(t —7)
V (x (1)

xT () CA(r (1) x (1)
V (x (t))

x" () (CA(r 1)+ A" (r (1)) C) x (1)
<

2V (x (1))
ICB & )] 1x ¢ - 7)1
! c (62)
< (1e ™ max {27 [1 (Cat+am0)]}

+¢"'max (|[CB (k)||)> I (£)]

+¢ lmax ICB ()| (= 1x (1 + 1x (£ = D)) »

x"(OCb(r(t) le (t)Co (r (t))|2
V (x (1)) 2V2 (1) (63)

<b(r ) - %62 (r(1) = B(r (1))



Substituting these two inequalities into (61) yields

logV (x (t))

<logV (x(0)) + j: B(r(s)ds+ z‘lr%x ||EB (k)"

X L [=]x )|+ |x(s—71)|]ds + M (t)

(64)
<logV (x(0))+¢ 1max "CB (k)” J x(s)ds
t
v [ Berendsemo,
0
where M(t) is a martingale defined by
£ xT (s)Co (r (s))
=] ——— 7 . 65
M) L ) (65)
The quadratic variation of this martingale is
) |x" (s)Co (r (s))| . (66)
(M, M), = JO TV *©) ds < d°t,
hence
lim supw & as. (67)
t— 00

Applying the strong law of large numbers for martingales
[29], we therefore have

. M)
lim ——=

t—oo f

=0 as. (68)

It finally follows from (64) by dividing t on the both sides and
then letting t — oo that

1
lim supw < limsup— J B(r(s)ds
t— 0o t— 00
. (69)
=YmpPk) as,
k=1
which is the required assertion (57). ]

Similarly, we can prove the following conclusions.

Theorem 12. Assume that Assumption 10 holds. Assume
moreover that the noise intensities o(i) are sufficiently large in
the sense that

0; (k) 0; (k) — b; (k) — b, (k) > 0,
(70)

1<i, j<n, for each k € S,
then for any given initial data {x(t) : -t < t < 0} €
C([-7,0]; R?), the solution x(t) of (4) has the properties that

llm sup log lx ()] < ——an(p (k) as., (71)
2i3
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where

9 (k) = min (0; (K)o (k) = b (k) = b; (k) > 0. (72)

That is, the population will become extinct exponentially with
probability 1.

Proof. Let V : R} — R, be the same as defined in the
proof of Theorem 11, so we have (60), (61), and (62). It is also
computed

<" (x (1) Co (r (1))
2V2 (x (1))

X (OTh(r (1)
V(x (@)

2T () Cb(r (1) c"x (1)
B 2V (x (1)

X" (1) Co (r (1) 0" (r (1) Cx (t)
2V2 (x (1))

_2x" (1) Cb (r () ICx (t)
B 2V2 (x (1))

(73)
X" (O Co (r (1) 0" (r (1) Cx (1)
2V2 (x (1))

T () Ch(r () 1+ 176 (r 1)) Cx (£)
2V2 (x (1))

X" (®)Ca (r(1) 0" (r (1) Cx(t)
2V2 (x (1))

_x" () CQ(r (1) Cx (t)
2V2 (x (1))

where T = (1,...,1) and Q(k) = o(k)o” (k) — (b(k)T +
17" (k)). Substituting (62) and (73) into (61) yields

logV (x (1))

>

* %" () CQ(r (s) Cx (s)

<logV (x(0)) - L 2V2 (x (5)) *

+ E‘I%X |B )| Lt [=|x (s)| + |x (s = 7)|] ds + M (¢).
(74)

Note that ai(k)aj(k) - bk) - bj(k), the ijth element of the
matrix Q(k) is positive by (70). It is therefore easy to verify

X' () CQ k) Cx (1) 2 ¢ () V2 (x (1)), (75)

where ¢(-) has been defined in the statement of the theorem.
Substituting this inequality into (74) yields

logV (x (t))

<logV (x (0)) - J SoWds+ e max|CB W

t
« L (= ()] + [x (5= 1)) ds + M (£).
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The rest of the proof is similar to that of Theorem 11 and
omitted. O
5. Examples

In this section, an example and corresponding numerical
simulations are given to illustrate our main results.

Example 13. Consider the two-species Lotka-Volterra system
with regime switching described by

dx (t) = diag (x, (t),x, (t))
X [(b(r )+ Ar () x(t)
+B(r(t)x(t —1))dt + o (r(t))dw (t)],
(77)
where x(t) = (x,(t), x,(t))", b(r(t)) = (by(r(1), by(r(t)))",
a(r(t)) = (o, (r(t)), o, (r(1)))",

ay, (r(t)) ay, (r(t))
A(r(t) = <a; (r () az (r (t)))’

(b, (r () by, (r(t))
B(r (1) = (b; (r () bz (r (f))>

and r(t) is a right-contiuous Markov chain taking values in
S = {1,2}, and r(t) and w(¢) are independent. Here

b (1) =5, ap; (1) = -5, a;, (1) =3,
b, (1) =0, b, (1) = %, o (1) = V2,
b,(1) =8, a (1) =3, ay (1) = =5,
by(1)=1, b,(1)=0, o0,(1)=2,
(79)
b (2) =4, a;; (2) = -3, a;, (2) =1,
b, (2) =0, b, (2) =1, 0, (2) = \/ﬁ,
b, (2) =5, a; (2) =1, ay, (2) = -3,
b, (2) = %, by, (2) =0, 0,(2) =4.

Let C = I € R¥?, the identity matrix. It is easy to compute

|C| = \/E’ ﬁ(l) =7, /3(2) =-2,

c=1,
1 — _
max Al [E (Ca(+4W)T)| <2 (50)
— \5
1}{16'«18)( HCB (k)“ < -
Then

e max | [ (©AK) + 47 0T) |}
(81)

+ E‘lr%x IcB ()| <o.

250
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50

0 500 1000 1500 2000 2500 3000 3500 4000
t

(a)

120
100
80
60

X, ()

40
20

1000 1500 2000 2500 3000 3500 4000
t

(b)

FIGURE 1

By Theorems 3 and 9, the solutions of (77) will remain in
R? for all t+ > - with probability 1 and are stochastically
ultimately bounded.

Let the generator of the Markov chain r(t) be

r= <_‘i _‘f). (82)

By solving the linear equation nI' = 0, we obtain the
unique stationary (probability) distribution 7 = (m,,7,) =
(1/5,4/5). Then Y;_, mPB(k) = -1/5 < 0. Therefore, by
Theorems 11, (77) is extinctive, shown in Figure 1.

In Figure 1, for numerical solutions of (77), step size At =
0.001, delay T = 1. Initial datum of (x, (), x,(t)) are random
numbers in [1, 200] x [1, 600]. Initial datum are not shown in
Figure 1.

6. Conclusion

This work is concerned with delay Lotka-Volterra model
under regime switching diffusion in random environment.
It should be pointed out that (77) is more difficult to handle
than (3) in [23]. Fortunately, the difficulties caused by delay
term are overcome by using Young’s inequality. The model in
[7] is similar to (4), while the coefficients in (4) are varied with
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regime switching. Similar results are technically obtained by
making use of comparison principle.
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