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We study the stochastic optimal bounded control for minimizing the stationary response of
strongly nonlinear oscillators under combined harmonic and wide-band noise excitations. The
stochastic averaging method and the dynamical programming principle are combined to obtain the
fully averaged It6 stochastic differential equations which describe the original controlled strongly
nonlinear system approximately. The stationary joint probability density of the amplitude and
phase difference of the optimally controlled systems is obtained from solving the corresponding
reduced Fokker-Planck-Kolmogorov (FPK) equation. An example is given to illustrate the
proposed procedure, and the theoretical results are verified by Monte Carlo simulation.

1. Introduction

The well-known tool to solve the problem of stochastic optimal control is the dynamical
programming principle, which was proposed by Bellman [1]. According to this principle,
a stochastic optimal control problem may be transformed into the problem of finding a
solution to the so-called Hamilton-Jacobi-Bellman (HJB) equation. However, in most cases,
the HJB equation cannot be solved analytically [2], especially in the multidimensional case.
A powerful technique to solve stochastic optimal control problems is to combine the so-
called stochastic averaging method [3] with Bellman’s dynamic programming principle. The
idea is to replace the original stochastic system by the averaged one and then to apply
the dynamic programming principle to the averaged system. It has been justified that the
optimal control for the averaged system is nearly optimal for the original system [4]. This
combination strategy has two notable advantages. Firstly, the dimension of the averaged
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system can be reduced remarkably, and the corresponding HJB equation is low-dimensional.
Secondly, the diffusion matrix of the original stochastic system is usually singular, while the
averaged one is usually nonsingular. This unique characteristic enables the HJB equation for
the averaged system to have classical rather than viscous solution. In recent years, a notable
nonlinear stochastic optimal control strategy has been proposed for the control of quasi-
Hamiltonian systems under random excitations by Zhu based on the stochastic averaging
method for quasi-Hamiltonian systems and the stochastic dynamical programming principle
[3]. Examples have shown that this strategy is very effective and efficient.

In practice, the excitations of dynamical systems can be classified as either determin-
istic or random. The random excitation is often modeled as Gaussian white noise, wide-
band colored noise, or bounded noise. On the other hand, the magnitudes of the control
forces are usually limited due to the saturation in actuators; that is, the control forces
are bounded. The optimal bounded control of linear or nonlinear systems under random
excitations has been studied by many researchers [5-8]. In all these studies, the excitations of
the systems are random excitations alone. However, many physical or mechanical systems
are subjected to both random and deterministic harmonic excitations. For example, such
combined excitations arise in the study of stochastic resonance [9] or uncoupled flapping
motion of rotor blades of a helicopter in forward flight under the effect of atmospheric
turbulence [10]. Due to the existence of the deterministic harmonic excitation, the response
of the stochastic system is not time homogeneous and the stationary behavior is not easy
to capture. Stochastic averaging method is such a method that can approximate the original
system by time-homogeneous stochastic processes. By using stochastic averaging method,
many researchers have studied the linear or strongly nonlinear systems under combined
harmonic and wide-band random excitations [11-16]. On the other hand, optimal bounded
control of a linear or nonlinear oscillator subject to combined harmonic and Gaussian white
noise excitations has been studied [17-19]. However, Gaussian white noise is an ideal model.
In most cases, the random excitation should be modeled as wide-band colored noise. So far,
little work has been done on the optimal bounded control of a strongly nonlinear oscillator
subject to combined harmonic and wide-band noise excitations [20].

In the present paper, a procedure for designing optimal bounded control to minimize
the stationary response of a strongly nonlinear oscillator under combined harmonic and
wide-band colored noise excitations is proposed. In Section 2, based on the stochastic
averaging method, the equation of motion of a weakly controlled strongly nonlinear oscillator
under combined harmonic and wide-band noise excitations is reduced to partially averaged
Itd stochastic differential equations. In Section 3, a dynamical programming equation for
the control problem of minimizing response of the system is formulated from the partially
averaged Itd stochastic differential equations by applying the dynamical programming
principle. The optimal control law is determined by the dynamical programming equation
and the control constraint. In Section 4, the reduced FPK equation governing the stationary
joint probability density of the amplitude and phase difference of the optimally controlled
system is established. In Section 5, a nonlinearly damped Duffing oscillator under combined
harmonic and wide-band noise excitations is taken as an example to illustrate the application
of the proposed procedure. All theoretical results are verified by Monte Carlo simulation.

2. Partially Averaged Ité Stochastic Differential Equations

Consider a weakly controlled strongly nonlinear oscillator subject to weak linear or nonlinear
damping and weak external or parametric excitation by a combination of harmonic functions
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and wide-band colored noises. The equation of motion of the system has the following
form

X+g(X)=ef (X, X,Qt) +eu(X, X) +e?he (X, X)&(t), k=1,2,...,1, (2.1)

where the term g(X) is stiffness, which is assumed as an arbitrary nonlinear function of X. &
is a small parameter; £ f (X, X, Qt) accounts for light damping and weak harmonic excitation
with frequency Q; e'/2hyéx () represent weak external and / or parametric random excitations;
¢k (t) are wide-band stationary and ergodic noises with zero mean and correlation functions
Ry () or spectral densities Sk;(w); eu denotes a weakly feedback control force. The repeated
subscripts indicate summation.

When u = 0, (2.1) describes a large class of physical or structural systems. Under the
conditions specified by Xu and Cheung [21], the solutions of system (2.1) can be expressed
as the following form:

X(t) = AcosD(t) + B(A), X(t) = —Av(A, @) sin D(t), (2.2)
where

O(t) = p(t) + O(1), (2.3)

d _
DAD) - d_‘l: _ \/Z[P(A+B)Azsli3r(1;4®cos¢)+B)]’ 24)
P = [ gy (25)
0

A, @, u, ©, and v are all stochastic processes. P(x) is the potential energy of the
system (2.1). The functions cos @(t) and sin D(t) are called generalized harmonic functions.
Obviously v(A, @) is the instantaneous frequency of the system (2.1).

When ¢ = 0, (2.1) degenerates to the following nonlinear conservative oscillator:

X+g(X)=0. (2.6)
The average frequency of the conservative oscillator (2.6) can be obtained by the following
formula:
27

[ d®/v(A,®)

w(A) = 2.7)

Then the following approximate relation exists:

D(t) =~ w(A)t +O(t). (2.8)
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Treating (2.2) as generalized Van der Pol transformation from (X, X) to (A, © ), one
can obtain the following equations for A and ©:

where

)
1

O]
1

)
2

@
2

Uik

Uk

IR~ P (A,®,00) + PP (A,0,1) + £ Unk(A, D) (D),
ao 1) ) U
T eF, (A, @,Qt) + eF,” (A, ®,u) + £/ “Uax (A, D)k (t),
_A ' .

= mf(A cos D + B,-Av(A, D) sin D, Qt)v(A, D) sin ®,
—-Au )

" g@r B I

_ m F(Acos® + B, ~Av(A, @) sin ®, Qt)v(A, ®)(cos  + h),
2

- mv(f\, ®)(cos D + h),

_ W’Mkk(A cos @ + B, —Av(A, D) sin ®)v(A, ) sin D,

1

= mhk(A cos® + B,-Av(A, D) sin®)v(A,D)(cos D + h),

_dB _g(-A+B)+g(A+B)

" dA  g(-A+B)-g(A+B)’

(2.9)

(2.10)

According to the Stratonovich-Khasminskii limit theorem [22, 23], A and © converge
weakly to 2-dimensional diffusive Markov processes in a time interval of ™! order ase — 0,
which can be represented by the following It6 stochastic differential equations:

dA = g[Sl(A, @,Qt) + F2 (A, q),u)]dt +&2G (A, D)dBi (1),

de = g[Sz(A, @,Qt) + F2(A, <I),u)]dt + £172Gy (A, D)dBy (1),

where B (t) are independent unit Wiener processes,

oU i

0A oD

Ul Ria (T) +
t

0
ou;
S;=F" +f [—lk : u21|t+TRkl(T)] dr,
o t

bi]'ZEGikG]'kZ LL-k|t- ujll Rkl(T) dT, i,j=1,2, k,l=1,...,T.
t+T

—0o0

(2.11)

(2.12)
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System (2.1) has harmonic excitation and two cases can be classified: resonant case
and nonresonant case. In the nonresonant case, the harmonic excitation has no effect on the
first approximation of the response. Thus, we are interested in the resonant case, namely,

Q m
m = ; + €0, (213)

where m and n are relatively prime positive small integers and eo is a small detuning
parameter. In this case, multiplying (2.13) by t and utilizing the approximate relation (2.8)
yield

m m
Qt=— - —0. 2.14
D teop—— © (2.14)

Introduce a new angle variable I" such that

o (2.15)

I'=¢eop- %

which is a measure of the phase difference between the response and the harmonic excitation.
Then (2.14) can be rewritten as

Qf = %cp +T. (2.16)

Using the It6 differential formula, one can obtain the following It6 stochastic differen-
tial equations for A, I', and @:

dA = s[Sl(A, ®,T) + FP(A, (I),u)]dt +€1/2G 1 (A, ®)dBi (1),
dr = g{ow(A) - % [Sz(A, ®,T) + FP (A, ®, u)] }dt - El/zgczk(A, ®)dBi(t),  (2.17)

dd = {w(A) +e [SZ(A, ®,T) + FP(A, @, u)] }dt +£2Gy (A, ®)dBy (t).

Obviously, A and I are slowly varying processes, while @ is a rapidly varying process.
Averaging the drift and diffusion coefficients in (2.17) with respect to @ yields the following
partially averaged It6 stochastic differential equations:

dA = g[ng(A, I+ <1—“1<2> (A, @, u) >(D] dt + €'/25,,(A)dB,(t),
(2.18)
dr = e [m"(A,T) - % <F§2>(A, @, 1) >®] dt + €75, (A)dB, (t),
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where

mgl) = <51(A/(D1F)>(D’
- m
mél) = ow(A) - E(SZ(A,(D,T»@/

b11(A) = £61,51, = (b1 (A, D)),

_ L 2 2.19
b2 (A) = €02,02, = %(bzz(A, D))o, 2.19)

b12(A) = by (A) = £61,0 = %(blz(A, D))o,

1 2T
O L

Herein, (e)q, denotes the averaging with respect to @ from 0 to 2ur - Ei]- are diffusion
coefficients.

Note that there are two procedures of averaging in this section. One is stochastic
averaging, and the other is deterministic time averaging. The procedures for obtaining S;
and b;; in (2.12) are called stochastic averaging. The procedures for obtaining m§” and
Eij are called deterministic time averaging. To complete averaging and obtain the explicit

expressions of S; and b;;, the functions Fi(l) and Ui in (2.12) are expanded into Fourier series
with respect to @ and the approximate relation (2.8) is used.

3. Dynamical Programming Equation and Optimal Control Law

For mechanical or structural systems, A(t) is the response amplitude and I'(t) is the phase
difference between the response and the harmonic excitation. They represent the averaged
state of system (2.1). Usually, only the response amplitude is concerned, so it is meaningful
to control A(t) in a semi-infinite or finite time interval. Consider the ergodic control problem
of system (2.18) in a semi-infinite time interval with the following performance index:

1 T
J = lim = fo F(A(t))dt. 3.1)

Herein, f is a cost function. Based on the stochastic dynamical programming principle [24],
the following simplified dynamical programming equation can be established from the first
equation of (2.18):

o
av 1 dV}/ (32)

- m&“{f (@A) + [+ (FP) |37 + 2P g

where V(A) is called value function; min,;[e] denotes the minimum value of [e] with
respect to u; 7 is optimal performance index; u € U indicates the control constraint.
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The optimal control law can be determined from minimizing the right-hand side of

(3.2) with respect to u under control constraint. Suppose that the control constraint is of the
form

[u(A, ®@)| < up, (3.3)

where u is a positive constant representing the maximum control force. The control u enters
the performance index (3.2) only through the term

@\ 4V _/_ u ina) 4V
(B ) = < cArB A W qu’>¢dA‘ (34)
This expression attains its minimum value for u = =+u, depending on the sign of the

coefficient of u in (3.4). So the optimal control is
. Av(A,D)sin® 4V
w=t Sg“{ S(A+B)(1+h) dA } (3:5)

where sgn denotes sign function.

It is reasonable to assume that the cost function f is a monotonously increasing
function of A(t) because the controller must do more work to suppress larger amplitudes
A(t). Then dV (A)/dA is positive. Under the specified conditions [21], g(A + B) and (1 + h)
are both positive. Equation (3.5) is reduced to

u* = —upsgn(—Av(A, @) sin®) = —uysgn(X(t)). (3.6)

Equation (3.6) implies that the optimal control is a bang-bang control. #* has a constant
magnitude uo. It is in the opposite direction of X (t) and changes its direction at X (t) = 0.

For the optimal bounded control of system (2.18) in a finite time interval, the following
performance index is taken:

J= EU; FIAG)dt +X(A(tf))]/ (37)

where t; is the final control time and y is the final cost function. E[e] denotes the expectation
operator. The following simplified dynamical programming equation can be established from
the first equation of (2.18):

ov._ . —(1) )
B —mum{f(A) + [m1 + <F1

oV 1- BV
Yol34 * 201522 } 58

where V = V (A, t) is the value function. Equation (3.8) is subject to the following final time
condition:

V(A tr) = x(A(tr))- (3.9)
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It is obvious that the same optimal control law as that in (3.6) can be derived if the
control constraint is of the form of (3.3).

Note that the optimal control for the averaged system (2.18) is nearly optimal for the
original system (2.1). For simplicity, here it is called optimal control for both original and
averaged systems.

4. Stationary Response of Optimally Controlled System

Inserting u* from (3.6) into (2.18) to replace u and averaging FI.(Z), the following fully
averaged Ito stochastic differential equations for A and I' can be obtained:

dA = emmy (A, T)dt + €% (A)dBi (1),

_ (4.1)
dl' = emo (A, T)dt + /25 (A)dBi(t),
where
— Q) —u*Av(A, D) Sin(D>
m(A,T) =my "+ < S(A+B)(A+h) /o
(4.2)
— _—m,m u*v(A, D) (cos D + h) >
mo(A D) =my "+ < S(A+B)(1+h) /4

The reduced FPK equation for the optimally controlled system is of the following form

2 2

0= 55 ) ~ )+ 53 (o) + g () + 35, 49

where p = p(a, y) is the stationary joint probability density of the amplitude A and the phase
difference I'. Since p is a periodic function of y, it satisfies the following periodic boundary
condition with respect to y:

p(ay) =p(ay+27). (4.4)
The boundary condition with respect to a = 0 is
p =finite ata=0 (4.5)
which implies that a = 0 is a reflecting boundary. The other boundary condition is

op

p, $—>0 as a — oo. (4.6)
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In addition to the boundary conditions, the stationary joint probability density p(a, y)
satisfies the following normalization condition:

Jjﬂ f: p(a,y)dady =1. (4.7)

Usually, the partial differential equation (4.3) can be solved only numerically.

5. Example

To illustrate the proposed strategy in the previous sections, take the following controlled
nonlinearly damped Duffing oscillator as an example. Duffing oscillator is a typical model in
nonlinear analysis. The equation of motion of the system is of the form

X+ <ﬂ1 + ﬁ2X2>X +wiX +aX® = Ecos Qt + & (t) + X&(t) +u, (5.1)

where p1, f2, wo, @, E, and Q are positive constants; u is the feedback control with the
constraint defined by (3.3); éc(t) (k = 1, 2) are independent stationary and ergodic wide-
band noises with zero mean and rational spectral densities

D; 1 .
Si(w) = ;wz 7 i=1,2. (5.2)

¢i(t) can be regarded as the output of the following first-order linear filter:
G+wigi=Wit), i=12, (5.3)

where W;(t) are Gaussian white noises in the sense of Stratonovich with intensities 2D;. Note
that the maximum value of S;(w) is D;/ (rw?). It is assumed that 1, D;/ (7rw?), and E are all
small.

For the system (5.1), the instantaneous frequency defined by (2.4) has the following
form:

w? +3aA? 12
v(A, D) = OT 1+ Xcos2®)| ,

. aA?
a 4((0.% +3aA?)/4) ’

(5.4)

v(A, @) can be approximated by the following finite sum with a relative error less than 0.03%:

(A, D) = by(A) + by (A) cos 2D + by(A) cos 4D + bg(A) cos 6D, (5.5)
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where

(5.6)

Then the averaged frequency w(A) of the system (5.1) can be approximated by by(A).
In the case of primary external resonance,

Q

m =1+c¢o. (57)

Introduce the new angel variable defined by (2.15), and complete the procedures
shown in Sections 2-4 we obtain the following fully averaged It6 stochastic differential
equations for A and I":

dA =y (A, T)dt +\/bi1 (A)dBi (t),

(5.8)
dl = 1 (A, T)dt + \/ by (A)dBs(b),

where m; and b;; (i = 1,2) are drift and diffusion coefficients, respectively. 71; and b;; are given
in the appendix.

The stationary joint probability density p(a, y) of the optimally controlled system (5.1)
is governed by the following reduced FPK equation:

0 ,_ 0, 18* /= 10 /-
0= ~3a mip) - a_y(m2p> Y od <b11P> + Ea_y2<b22p>' (5.9)

Solving the FPK equation (5.9) by finite difference method under the conditions (4.4)-
(4.7), the stationary joint probability density of the amplitude and the phase difference of
the optimally controlled system (5.1) can be obtained. Furthermore, the stationary mean
amplitude of the optimally controlled system (5.1) can be obtained as follows:

© M2
E[a] :fo -[0 ap(a,y)dady. (5.10)
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Figure 1: Sample function of wide-band noise ¢; (t) - D; = 10, w; = 30.
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Figure 2: Sample function of the control force u, ug = 0.1.

To check the accuracy of the proposed method, Monte Carlo digital simulation of
the original system (5.1) is performed. The sample functions of independent wide-band
noise ¢;(t) were generated by inputting Gaussian white noises to the linear filter (5.3). The
response of system (5.1) was obtained numerically by using the fourth-order Runge-Kutta
method with time step 0.02. The long-time solution after 1500,000 steps was regarded as the
stationary ergodic response. 100 samples are used. For every sample, the amplitude A and
angle variable I' are calculated from step 1500,001 to step 2000000 to obtain the statistical
probability density of p(a,y). Figures 1 and 2 show the typical sample function of wide-
band noise ¢;(t) and control force u, respectively. Figure 3 shows p(a, y) of the optimal
controlled system (5.1). It is seen that the theoretical result agrees very well with that from
digital simulation. Figures 4(a) and 4(b) show the sample functions of displacement and
velocity of the system (5.1), respectively. It is obvious that the bounded control can reduce
the displacement and velocity. Also, the amplitude of the original system (5.1) is reduced by
control, which is verified by Figure 5.
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p(a,y)
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Figure 3: Stationary joint probability density p(a,y) of the optimally controlled system (5.1) in primary
external resonance case. wy = 1.0, Q =11, a =10, E=0.3, ; =0.05, w; =30, D; =10, D, =5, uy =0.1
(i = 1,2). (a) Theoretical result; (b) Monte Carlo simulation of the original system (5.1); (c) stationary

marginal probability density p(a); (d) stationary marginal probability density p(y). — theoretical results;
o results from Monte Carlo simulation.

Note that the system (5.1) is strongly nonlinear. Increasing the nonlinearity coefficients
p1 or a in (5.1), one can see that the agreement between theoretical results and Monte
Carlo digital simulation is still acceptable (see Figures 6 and 7). This demonstrates that the
proposed method is powerful to deal with strongly nonlinear problems, even though the
nonlinearity is extremely strong.
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Figure 4: Sample functions of displacement and velocity of the system (5.1), 1y = 0.4. Other parameters
are the same as those in Figure 3. Red line: with control; blue line: without control.
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Figure 5: Mean amplitude of the response of the optimally controlled system (5.1) in primary external
resonance. The parameters are the same as those in Figure 3 except that uy is a variable. — theoretical
results; e A results from Monte Carlo simulation.
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p(a)

2 2.5

Figure 6: Stationary marginal probability density p(a) of the optimally controlled system (5.1) in primary
external resonance case. Other parameters are the same as those in Figure 3. — theoretical results; ® A ¢
results from Monte Carlo simulation.

0 0.2 0.4 0.6 0.8 1

Figure 7: Stationary marginal probability density p(a) of the optimally controlled system (5.1) in primary
external resonance case. Other parameters are the same as those in Figure 3. — theoretical results; ® A ¢
results from Monte Carlo simulation.

6. Conclusions

In the present paper, a combination procedure of the stochastic averaging method and
Bellman’s dynamic programming for designing the optimal bounded control to minimize
the response of strongly nonlinear systems under combined harmonic and wide-band noise
excitations has been proposed. The procedure consists of applying the stochastic averaging
method for weakly controlled strongly nonlinear systems under combined harmonic and
wide-band noise excitations, establishing the dynamical programming equation for the
control problem of minimizing the response based on the partially averaged Itd stochastic
differential equations and the dynamical programming principle, determining the optimal
control from the dynamical programming equation and the control constraint without
solving the dynamical programming equation. Then the stationary joint probability density
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and mean amplitude of the optimally controlled averaged system are obtained from solving
the reduced FPK equation associated with the fully averaged Itd stochastic differential
equations. A nonlinearly damped Duffing oscillator with hardening stiffness has been taken
as an example to illustrate the application of the proposed procedure. The comparison
between the theoretical results and those from Monte Carlo simulation shows that the
proposed procedure works quite well even though the nonlinearity is extremely strong. The
results show that the response amplitude of the system can be reduced remarkably by the
feedback control.

The advantages of the proposed method are obvious. Note that; in the example, the
wide-band noise is generated by a first-order linear filter. In principle, one could apply the
stochastic dynamical programming method to the extended system [X, X, §1,§2]T to study
the optimal control problem. However, the corresponding HJB equation is 5-dimensional
or 4 dimensional. The corresponding reduced FPK equation is 4 dimensional, which is
very difficult to solve. After stochastic averaging, the original system is represented by
two-dimensional time-homogeneous diffusion Markov processes of amplitude and phase
difference with nondegenerate diffusion matrix. The dynamical programming equation
derived from the averaged equations is two dimensional or one dimensional. The
corresponding reduced FPK equation is two dimensional, which is easy to solve. The other
advantage of the proposed procedure is that it is not necessary to solve the dynamical
programming equation for obtaining the optimal control law. Furthermore, the proposed
method can be extended to multi-degrees-of-freedom (MDOF) systems easily. This will be
our future work.

Appendix

The drift coefficients in (5.8) are as follows:

2u0[~105bo(A) + 35b>(A) + 7ha(A) + 3bs(A)]
105 (w? + aA?)

EcosT[2by(A) + by(A)]
[4A(aA? + w?)]

m1 = Hi(A) + F1o(AT) +

7

7, = Hy(A) + Q — by(A) +

7

Esin[[2bo(A) — ba(A)]
[4(aA? + w))]

fl() (A/ r) =

A[p1 (16w + 10aA?) + A%f, (4w} + 3aA?)]
- [32(a A2 +w?)]

7

Hi(A) = gy + g + Ty + s,

Ho(A) = a1 + s + T3 + Tias,
m1 = m111S1(w(A)) + m11351 Bw(A)) + m11551 (5w (A)) + 111751 (Tw(A)),
miz = m13151 (W(A)) + M13351 (Bw(A)) + m13551 (Bw(A)) + 13751 (7w(A)),
M1 = M122S2(2w(A)) + M124S2 (4w (A)) + Mi26S2(6w(A)) + M128S2 (8w (A)),
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My = M14252(2w(A)) + M14452 (4w (A)) + MaeS2(6w(A)) + M14sS2 (Bw(A)),
My = My [1(w(A)) + mazli(Bw(A)) + maush (5w(A)) + Mozl (Tw(A)),
M3 = nipzi 11 (w(A)) + Massli (Bw(A)) + Mazs 1 (5w (A)) + Mizsrli (Tw(A)),
My = Mypnlr(2w(A)) + Maalr (4w(A)) + Maelr (6w(A)) + Mgl (8w(A)),

My = Mo r (2w(A)) + Mogslr (4w (A)) + Moelr (6w (A)) + moggl> (8w(A)),

Di w

li{w) = w;i w? + w?

(i=1,2),

min = w[ba(A) - 2by(A)]

y {20 A[2bo(A) — br(A)] + (A%a + wé) [(dby(A)/dA) —2(dby(A)/dA)]}
[8(A2a + wé)s] ’
miz = w[by(A) - ba(A)]
y {20 A[bs(A) = ba(A)] + (A% + wp) [(db2(A) /dA) - (dby(A)/dA)]}
[8(A2a + wé)3] '

miis = 7 [by(A) - bs(A)]
y {20A[bs(A) - ba(A)] + (A%a + wp) [(dbs(A)/dA) — (dbs(A)/dA)]}
[S(Aza + w§)3]

7

be(A) -2 Abg(A) + (A2 + ) (dbs(A) /dA) )
[8(A21x + w5)3] '

myy =

min = wA[2by(A) — bsy(A)]

([2b0(A)-bs(A)] (A2 - @?) — A(A2a + w?) [(2dbo(A) /dA) - (dbs(A)/dA)])
[32(A2a + w%)3] '

X

Mg = TA[b2(A) —be(A)]

y {[b6(A)=ba(A)] (A%a-w}) + A(A%a+w?) [(dba(A)/dA) - (dbe(A)/dA)]}
[32(A2a + wg)B]

7

T Abs(A) [bs(A) (A% — ?) + A(A%a + w?) (dbs(A) /dA))
[32(A20c + wg)3] ,

Mmie =

T Abs(A) [bs(A) (A% — ?) + A(A%a + w?) (dbs(A) /dA))
TMiog = ,
a [32(A2a + w(z))s]




Mathematical Problems in Engineering

- [b3(A) - 4b3(A)]

miz =
[8A(A2¢x + wO) ]
_ 3x[pA(A) - B(A)]
mi33 =
[8A(A2¢x + wO) ]
_ -5r[pA(A) - 2(A)]
mizs = S I
[BA(A%a +w?)’|
B 77b2(A)
M3y = 217
[sA(A% +w3)’]
— _ aA[2by(A) = by(A)][2by(A) +2by(A) + by(A)]
M4 =
[16(A% + «?)’]
e = T A[by(A) —be(A)][b2(A) + 2bs(A) + b (A)]
[S(Aza + wo) ] '
_ 3wAby(A)[ba(A) +2bs(A)]
Mi46 =
°T [16(A20c + wo) ]
_ TABX(A)
my48 =
[4(A20c +w?) ]
_ [2by(A) + by (A)]
mp11 =
[842(ar2 +w})]
__3[b(A) + by (A)]
ma13 =
[s42(ar2 +w})]
_ 5[bu(A) + bs(A)]
Myi5 =
[842(a A2 + ) ]
e Tlb(A)
[342(ar2 + 2]
- [2by(A) +2by(A) + by(A)]*
222 =
[16(0{A2 + wo) ]
— [ba(A) +2b4(A) + b (A)]?
M4 =

[8(aa? +w2)’]
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__ 3[by(A) +2bs(A)]?
[16(0{A2+w3)2] '

S (1)
[4(aA2 +wp)’]’

mys1 = [2by(A) = ba(A)]

- [b2(A) 4260 (A)| BA%a+R) + A(a A +iR) [2(dbo(A)/dA) + (dba(A) /dA)] )
[342(xa? + w?)?] '
M3 = [b2(A) — bs(A)]
= lba(A) + ba(A)] (4% + @) + A(aA? + R [(dba(A) /dA) + (dbi(A)/dA)])
[8A2 (aA? + w}) ] ’

— [bs(A) —be(A)]
[8A2 (aA? + w}) ]

y {—[b4(A) +be(A)] (3A2a + a)0> +A(LtA2 + wo) (dby(A)/dA) + (db6(A)/dA)]}
[8A2 (aA? + w}) ] ’

bs(A) {~bs(A) (3A%a + w?) + A(aA? + w?) (dbe(A) /dA) )}
[342(aa? + )’] '

Mp37 =

Moy = {—ZA(X[ZbO(A) +2by(A) + b4(A)]+< a4 0) 2dby(A) N 2db,(A) N dby(A) }

dA dA dA
A[2by(A) - bs(A)]
[32(aa? + ?) ]

TToas = {—ZAa[b2 (A) +2bs(A) + bg(A)] + (Aza + wg) dba(A) | 2dby(A) | dbé(A)] }

dA dA dA

A[b2(A) —be(A)]
[32(aa? + 3) ]

My = Aby(A)

_ [-2Aa(bi(4) +266(A)] + (A% + @}) [(dbs(4)/dA) + (2db(4) /dA)] )
[32(¢xA2 +w)) ] '

Abg(A){~2Aabg(A) + (A% +w?) (dbs(A) /dA))
[32(zxA2 +w)) ] '

Mog =

(A1)
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The diffusion coefficients in (5.8) are as follows:

511 = 5111 + E112,
by = by + ba,
bij=0, i#j,
bi1 = biniS1(w(A)) + bi113S1 (3w(A)) + binsS1 (5w (A)) + biirSi (7w (A)),
b1 = b1 S1(w(A)) + ba3Si(3w(A)) + b215S1 (5w (A)) + bynrS1 (7w (A)),
b1z = b112252(2w0(A)) + b1124S2 (4w (A)) + b1126S2 (6w (A)) + br12sS2(8w(A)),
by = b322052(0) + b222252(2w(A)) + b222sS2 (4w (A)) + b S2 (6w (A)) + baas S2 (8w (A)),

7[by(A) - Zbo(A)]2

Ellll =
[4(aA2 +w?) ]
oo = 7 [by(A) - by(A)]?
1113 = )
[4(ch2 +wp) ]
5 Zba(A) —b(A)T
1115 =
[4(aA2 +w?) ]
— b2 (A)
b7 =
[4(aA2 +w)) ]
— T A2[by(A) - 2by(A)]?
biio = 5
[16(aa? + «2)’]
T A2[ba(A) —bs (A"
biios =
[16(aA2 +w)) ]
_ T A2 (A)
b1126 =
[16(aA2 +w?) ]
_ T A2 (A)
biios =
[16(aa? + ?) ]
= x[2bo(A) + ba(A)]
b2211 =
[442(ar2 + 2)?] 1
5 7 [b2(A) +by(A)]?
2213

[4A2(aA2 + w?) ]



20 Mathematical Problems in Engineering

= z[by(A) + b (A)]?

bais = 217

[442(aa2 + 3]
_ b3 (A)
by17 = 277

[AJ:A2 (aA? + w}) ]
— r[2by(A) + ba(A)
baxo = 2

[S(aA2 +w)) ]
— Z[2by(A) + 2bs(A) + by(A)]?
ba = 2 ’
[16(aa2 + 3)’]
_ [by(A) +2by(A) + bs(A)]?
bayy = 2 ¢
[16(ocA2 +w)) ]
— x[bu(A) + 2bs(A)]?
bye = 27 7
[16(0{A2 +w)) ]

_ xbi(A)
bays = 21"

[16(aa2 + })’]

(A2)
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